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Fig. 6 Detail of the KOMPSAT image after segmentation

®1 FHESHBAMEMR

Table 1 Names and description of features

RRAE 2 5 FLRRRAE i i
AREA ESUBAITIE:A
LENGTH Z T8 A HE FR K B9 IR 1) 30 HE SR
COMPACT BwmtE iR 2 g B A
CONVEXITY R RS AT B 2 R RE S 1L AR N L
SOLIDITY R [ L Z2 3008 RS A BN 22 % T AL
ROUNDNESS iR 2 06 09 BRAE B A R 1. 5B BE y 4/Pi
TE 4R AiE FORMFACTOR TEAREE R, Ry 22 30T 1m0 AR5 A 8] A 180 i AR 2 L
144 ELONGATION FEARPE R K B R SR /NEAE N E TR E R 1R E R T 1
RECT_FIT B TEAR 04 B2 TR (B 1L BB ME /N T 1
MAINDIR Form, KGR RER 5 X qlZ [ /i
MAJAXISLEN FEl 58 22 30TV 1A 1] 4 TRl 6 o By K il (e K B4R 1 K
MINAXISLEN [Bl %% Z2 3% (0 A 1) A G %o 17 6l Ol /N 80 KB
NUMHOLES ESUNANRETUR
HOLESOLRAT 2 1TV 1 BRI A1 4 80 B LU
MINBAND_x B 1 IR /N K B (E
MAXBAND_z BB x i KK EEAE
J I R AE AVGBAND_x W B 17K B (E
(319 4 HUE 0,3
SATURATION Tl
INTENSITY 2
TX_RANGE A5 BRI [ P 1Y 7 2 K (3
SO RFAE TX_MEAN 3 RV [P 114 1 35 0K
(3449 TX_VARIANCE 5 R [ P 199 7 35 O AR A0
TX_ENTROPY A R B P9 19 °F 28 0K A B 0
5 SR E*‘fﬁﬁ@?’% 5 PR R B A6 P T AR 15 SR L M 00 A8 10 S 5
324 ’ o F B T HEBOK ARG B R 10 55 - 18 | i 2 0 e PR o (0 2 3 2 o 7 3 f 4 25

(NDWI; . Nnir)




%5 4

SR AR A5 < B TR AR T B0 b R B U R0 B B 2 R 803

PR EEES 3N EmRENEX D
3 s LYK SR a8 A% BA T RN T A 88 BRI
DX REAR FEAT I S5, e 28 BE 35 5 38 09 R AIE 41 & 2 53
LI 5 I S A0 N 2 A R AR A O KL SR A
W25 SRR B B P R N T R —
FE L AT RE MR ROR BRI A e M. AT
FEAIE 25 [) v i) B 25 >k 220 o 3 o R e 0 SR R
PR IR IR B Ak o SR T A (5K (6)) SR B IR B
LB TR T RE MR . R R R i KRR
SR D) T8 e K SR Ja BB DL B B Y 2
o TR s 5 E AR A L (R SCIEE N 0. 6) . A
RRREEMES TRAELE, A SRR E
Lt oEE .
y (B) = e 7o’ (D
i (h) = maxu; (n) €))
o,y () 55 0 47 7 BNBY A EIXT R IAJE T b SR
Ja& FE PREAE  r R RRAE 23 18] Hp R B 5 B S A RKIG IR
B on X RS RIE b SR B R S JE BE R BU(E I
POp A ET I
4.2 HELERERERRK
AR SR 52 B L % - s EL I H DR H
s T AR FIHEE TR 3 W9 X H ok 6 25,43
SRR R R A PR AR R, R T
R 56 AR SCUE T ) 7 1 R ) ) ARG R e A N7
TE VTSR A B L o3 00 AR 7 RS B (PAY JH PR
B (UA) BRI (OA) F1 Kappa £ 50T Hr 38 F1

Xof AR SCBE T A b 35 4 B ) 45 R B R AT
W 958 0 o0 2807 iR EAT X L (B 7~8)

— BT & - Kappa i K F 0. 8 &Ik % 5 M i 52
PR s A B — AR T 0. 4 ) B — Bt g
225 W 4 B Oy BARYE G R AR AT 4 2 A
F 25 H P Kappa {6 “#UER B4 ™ &, B [ 4
S S A G R DL X 43 X[ Sy
JK U TR - DE A B A B[R] S 5 R

AT R L L 5O T A e Sk RO B
# T 85% . Kappa REHEBK T 0. 8, BiR T 7324k
5 b T SR M WA R S . M L
H 43 28705 AR SCIG W5 Ff 7 12 BB AR G b oKe 7 i)
T FIRR i 9 IS O i AR AE R AL R 5 1) T S M ) 5 )
SRR . =T 95 20 M P ORS BE AR 7 RS B R
TR R B . A B B I 3 Kby
R R ORS00 A w8 o (ELS T FE e 22 ) A 7 1 4
BOSK SRR K HAR 5 5 5 B TR SRR A L AR
B A B WA 7 R oy B A 3 2%, X E
RN ZEGET 6 A 30 HL,IEE S8 %,
S22 b il A K AR R A A K SR A 7 T
B LR 2 By A R, B R 5 s
5o WEAMARSCHEF 1) X B2 o BG IX SRR AEAS
A HEGIEME B B R ZT AR E R, 5 8oAR S0
QU S Lo o R - [ X PN NE L W e
B L5 R B . XA A5 B i — A0 Bk R 5T 1
i n)

A
}
e ~% ) vy Tty v
(d) W A9 Atk R i (o) WAL () N TS 5k
B i O cne Do 0 it OO e (OG-0 e

B7 SEXLERE
Fig.7 Comparison with Other Methods(Results Map)
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The Dynamic Extraction of Classification Rules for Land Consolidation
through Object-oriented Features Space Optimization

Wu Jiansheng'?,Lin Qian',Li Weifeng®,Liu Jianzhen® ,Peng Jian®
(1. Key Laborarory for Environmental and Urban Sciences ,Shenzhen Graduate School ,
Peking University , Shenzhen 518055, China;
2. Key Laboratory for Earth Surface Processes ,Ministry of Education ,College of Urban
and Environmental Sciences,Peking University ,Beijing 100871,China;
3. Department of Urban Planning and Design, The University of Hongkong , Hongkong,China)

Abstract: The high resolution remote sensing image is an important data sources for the accurate extraction
of land consolidation area surface information. In this paper,a new object-based method,combining with ge-
netic algorithm and artificial immune algorithm,is used to extract classification rules based on the charac-
teristics of the sample image. After fuzzy classification,the results show that overall accuracy is increasing
from 40% by traditional method to 86 % corresponding to the genetic algorithm and 90% corresponding to
the artificial immune algorithm,and the Kappa coefficient is increasing from 0. 3 by traditional methods to
0. 82 corresponding to the genetic algorithm and 0. 89 corresponding to the artificial immune algorithm. All
in all, not only this method can improve the convenience and versatility, changing the previous situation
that the rule extraction requires users a large amount of priori knowledge and testing,but also the test re-
sults show the significant improvement in classification accuracy. Therefore,it has an important significance
for land consolidation, especially using the high-remote sensing images for feature identifying and monito-
ring.

Key words: Land consolidation;Feature selection; High-resolution remote sensing image; Object-based; Ge-

netic algorithm; Artificial immune algorithm



