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Fig.1 Technical flowchart of the proposed method
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Fig.4 Automatic extraction results of new construction land in 2017
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Fig.5 Comparison of extraction results in sub-images between the proposed method and CVAPS method
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Table 1 Accuracy evaluation of built-up land results in 2017
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Automatic Extraction of New Construction Land based on an
Improved Method of Updating Land Cover Maps
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Abstract: It is of great significance to extracting new construction land information rapidly and accurately for ur-
banization monitor research. Because of the low accuracy of original samples in the updating land cover method
based on Change Vector Analysis in Posterior Probability Space (CVAPS), and the poor accuracy of change
detection of CVAPS, the paper proposed a new automatic approach applied to extract new construction land in-
formation effectively. This method was improved from the updating land cover method based on CVAPS by
combining with Multivariate Alteration Detection (MAD). The method firstly introduced MAD results of bi-
temporal images to improve the accuracy of the initial samples, then added MAD results into the process of iter-
ating samples selection in order to improve the accuracy of change detection and reclassification, thereby extract-
ing new construction land more precisely. A case study of bi—temporal GF-1 images and land use/cover map in
Jiaxing area was conducted to test performance of the improved method, and compared this method with
CVAPS method. The experimental results show that the new construction land extracted by improved method
in 2017 has higher accuracy, its overall accuracy of the updated construction land in 2017 reached 85% and its
kappa coefficient is above 0.7. The accuracy of change detection is significantly higher than CVAPS method.
Meanwhile, the proposed method reduced number of iteration and raised extraction efficiency significantly.

Key words: Multivariate alteration detection; New construction land ; Automatic extraction; CVAPS



