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Fig.1 Function of soil moisture and surface roughness
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Table 2 USCRN observation parameters, hourly
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Fig.2 Spatial distribution of the sites used in the study
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Table 5 Comparison of soil moisture retrieval accuracy
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Fig.3 Soil moisture inversion results at three sites
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Table 6 Soil moisture inversion results at each site
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R? 0.000/0.000/0.006 0.003/0.054/0.004 0.611/0.648/0.565
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Study on Retrieval Strategy of SMOS Soil Moisture Retrieval Algorithm

[Lao Congkun, Yang Na, Xu Shaobo, Tang Yanjie,Zhang Hengjie

(School of Surveying and Land Information Engineering ,Henan Polytechnic University,
Jiaozuo 454000, China)

Abstract: In order to reduce the complexity of SMOS official soil moisture retrieval algorithm and improve the

accuracy of soil moisture retrievals, a new retrieval strategy on SMOS soil moisture retrieval algorithm was de-

veloped. In the new retrieval strategy on SMOS soil moisture retrieval algorithm, the fixed step size

(0.001 m*/m*) was used to replace the flexible step size obtained by the SMOS matrix operation. The multi-pa-

rameter was changed to a single—parameter in the cost function. The data from 44 USCRN sites in the United

States were compared with the soil moisture retrieved from SMOS official algorithm as well as the adjustment

of SMOS algorithm. The results show that compared with the SMOS official algorithm, the average absolute

deviation, root mean square error, and unbiased root mean square error of the adjustment of SMOS algorithm
are reduced by 0.012 m*/m*, 0.018 m?/m*,and 0.020 m*/m?, respectively.

Key words: Soil moisture; SMOS ; Inversion algorithm ; Brightness temperature simulation



