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Fig.9 Data repair accuracy for each band of Landsat by the triple repair method
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for each Landsat data bands
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Study on Invalid Pixel Repair Methods for Landsat Dry Season

Images in Tropical Areas

Xu Yanhao'?, Liu Xiaolong"?, Shi Zhengtao', Gao Shupeng'
(1.College of Tourism & Geography Science, Yunnan Normal University, Kunming 650500, China;

2.Provincial Key Laboratory of Plateau Geographical Processes & Environmental Change ,
Kunming 650500, China;
3.School of Geographical Sciences, Southwest University, Chongqing 400715, China)

Abstract: Time series remote sensing data with moderate resolution is playing as an important role for surface

process and surface disturbance observation. For Landsat data in tropical areas, there are invalid land observa-

tion data and data loss caused by cloud, fog or sensor defects. Based on the existing GNSPI algorithm, a triple

repairing method is proposed. This method automatically identifies the effective reference pixels within 48 days

that before and after the current invalid pixels, and then obtain effective reference pixels for the current data to

be repaired, and then fill the current missing data using the three triple repair which was based on the GNSPI

method. The overall average filling accuracy is up to 0.88 in our study area. This method makes up for the GNS-

PI filling algorithm's harsh requirement that the reference image needs the whole image without invalid pixels,

and improves the utilization rate of observed high quality pixels. The method proposed in this paper has a great

significance for the establishment of long time series data and the related research.

Key words: Landsat;Data missing; Data repair; Tropical region



