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Table 1 Summary of parameters of sensors onboard UAV
LiEss JeiE i Fl/nm Vi = YA S Hit/g
Sentera Quad RGB Red:655 Red edge:725 NIR:800 1248 X950 170
ADC Micro Green:520~600 Red:630~690 NIR:760~900 20481536 200
SN LTt Blue:490 Green:550 Red:680
MiniMCAG6 1280X1024 700
Red edge:720 NIR1:800 NIR2:900
Blue:500 Green:550 Red:675 NIR1:700
Buzzard 1280X1024 500
NIR2:750(10) NIR3:780(10)
HY WSl /nm J6i% 4> B 2R /nm it /kg
- Field Spec 4 350~2 500 3 5.4
i T AL ) o
Caia Sky—mini 400~1 000 4 4
Cubert S185 450~950 4 4.9
RS e KM BE /m IR/ (/) dill/g
WOt H Ik I 15 250 16/32 738
Veludyne 100 16 830
L mEEs R
HARZH
l Mo
ﬁ PG TR
DOM DEM DSM FP
HFIESBE e B R s dg gl il
EIZES . R
CHM
5tk J2 v B ALY
S L M RIFRG ¢ !
= REEHIAR Mgz
R 2L

2 T ANLE B ARTE R IR M P B R AR B

Fig.2 Technical flowchart of UAV Remote Sensing Technology in forest resource monitoring
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Research Progress of Forest Parameter Acquisition based on UAV
Remote Sensing Technology

Liu He,Gu Lingjia, Ren Ruizhi
(College of Electronic Science and Engineering , Jilin University, Changchun 130012, China)

Abstract: With the characteristics of high resolution, strong controllability and high cost performance, Un-
manned Aerial Vehicle (UAV) remote sensing technology has been rapidly developed and applied in forest re-
search. This study introduces the development of UAV remote sensing imaging platform, and the situation of
forest investigation using UAV remote sensing technology at home and abroad. According to the investigation
objects of individual tree and forest, the advanced methods of extracting forest parameters by UAV remote sens-
ing technology are summarized. This study focuses on the analysis and discussion of various algorithms for ob-
taining forest parameters based on multispectral, hyperspectral and lidar sensors loaded in UAV platform, com-
pares their advantages and limitations, and analyzes their best application scenarios. In addition, the application
of UAV remote sensing in forest tree species classification and pest monitoring is also introduced. Finally, the
application prospect of UAV in forest monitoring is discussed, which can provide theoretical basis and technical
support for forest resources supervision in the future.

Key words: Forest parameters; Unmanned Aerial Vehicle (UAV) ; Multispectral remote sensing; Hyperspec-

tral remote sensing ; LIDAR remote sensing



