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Fig.2 Spatial distribution map of discoloration stands
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Table 5 Area statistics in growth degradation stands and site conditions ( Units:hm?)
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Fig.6 Orthophoto image and Landscape photos on October 11, 2019
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Fig.7 Comparison and verification in high resolution remote sensing images of GF-2
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Study on Early Warning Technology of Sub—health State of Forest
Resources with Spaceborne Remote Sensing
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Abstract: Monitoring and early warning of sub-healthy forests caused by forest diseases and insect pests and
other disturbance types can not be carried out in time, resulting in a passive situation (disaster-relief /post—di-
saster) for a long time. Based on the multi-temporal GF-1 WFV data from May to September 2019, this paper
uses the ratio vegetation index and the red—green vegetation index to monitor "disaster" information such as re-
verse growth, leaf canopy stress or loss of color in quasi—real time. The results show that although the degrada-
tion of chlorophyll such as withering and wilting of tree leaves and gradually transforming into lutein and red leaf
pigment requires a certain process, or the "disaster symptoms" sometimes have a lag, but the high {requency re-
mote sensing dynamic monitoring results are useful for guiding the ground inspection of forest disasters. It has a
positive effect on improving monitoring coverage and scientificity, and preventing large—scale disasters. The
high revisit cycle of domestic GF-1 and GF-6 WFV remote sensing data provides a solid data guarantee for the
monthly monitoring of the growth process of forest resources, and meets the needs of hectare-level leaf growth
and degradation early warning monitoring.

Key words: GF-1 WFV ;Forest resources; Sub—health state ; Forest pests and diseases ; Early warning



