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Influence Factors Analysis on Accuracies of Winter Wheat Distribution
from Low and Medium Resolution Composited Remote Sensing Images

Zhu Shuang'?, Zhang JinShui*”’
(1.Beijing Polytechnic College, Beijing 100042, China;
2.Beijing Engineering Research Center for Global Land Remote Sensing Products,Faculty of Geographical
Science, Beijing Normal University, Beijing 100875, China;
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Abstract: The quality and quantity of sample dataset from medium resolution remote sensing images is the key
factor to contribute to the efficiency of low and medium resolution identification model. For winter wheat in this
paper, we constructed a support vector regression model coupled with low and medium resolution images, to
decomposed of mixed pixels, and exact winter wheat extent. Then analyzed the influences of sample quantity
and quality of medium resolution remote sensing images respectively. The results states that only 10% quantity
of samples are enough to achieve stable accuracy. Under this quantity, regional accuracy and pixel accuracy
could reach higher than 98% and 92% respectively in typical winter wheat area. In terms of sample quality, the
accuracy of result improved accompanying with the sample quality increment. We found that high accuracy could
achieved when the sample quality is better than 60% . While in the area where medium resolution sample did not
exist in area with medium samples, regional accuracy and pixel accuracy also increased accompanying with the
sample amount and quality increment. In this area, 20% quantity of medium resolution sample was needed
enough to achieve 97% of regional accuracy and 92% of pixel accuracy respectively. The above demonstrate the
successful generalization of winter wheat identification by medium resolution sample to non—medium resolution
area.

Key words: Support Vector Regression(SVR) ; Pixel unmixing ; Sample quantity/quality ; TM ; MODIS



